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Results
Effect of Bailout Strategies on Various Models
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. . i . . N The plots compare the impact of six selection strategies for bailing out banks in the
Thic,le‘j‘t“:i‘gL l?agfll}fnt vector for the financial system (11, p, ) satisfies the following conditions: four networks. As the number of banks with an injection of capital increases, the plots
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( ). . y . depict an increase in the number of banks saved from defaulting. Notably, the
This requires that the total payments made by a node must never exceed the cash flow available to the node. _ _ _ .
Mathematically, we can represent this as follows: effectiveness of the strategies varies across network types, pointing toward the
. o T s influence of network structure on intervention outcomes.
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(b) Priority of Debt Claims: .
This requires that stockholders in the node receive no value until the node is able to completely pay off all Conclusion
of its outstanding liabilities. This can be defined as follows: * Our analysis provides insight into different bailout strategies and their respective
bt = i 7 4 impacts on the stability of several synthetic graphs and a real-world financial
=T network.
(¢) Proportionality: * The results indicate how network structure can play a role in centrality-based bailout
This requires that if default occurs, all claimant nodes are paid by the defaulting node in proportion to the strategies and how their combination can lead to notably different outcomes. This
size of their nominal claim on firm assets. emphasizes the importance and feasibility of tailor-made bailout strategies for

specific types of networks.

Experimental Setup
* We utilize six network centrality measures (degree, betweenness, closeness, Future Work

clustering, PageRank) to select target banks for capital injection. Each centrality « Extending the model beyond the context of interbank lending networks and applying
metric uniquely computes a node’s importance in the network. The amount of it to other complex network systems such as ride-sharing applications3, power grids,
capital injection is determined by the mean of nominal obligations of all bank nodes. and any other system which benefits from a tailored approach to analyzing

* We use the NetworkX graph analytics library in Python. cascading failures and identifying critical nodes to mitigate system-wide failures
Code based on EN model code from Allocating Stimulus Checks in Times of Crisis?.
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